For each user, the propensity score of being an avid user (i.e., the treatment condition) is predicted using a logit regression on several key covariates, including whether the user provides a bio, whether the user provides a photo, how long the user has been in this market, the user's last login time, the user's country dummies, and the user's percentages of each book genre in her inventory list and wish list. Because the bias in the estimated treatment effect tends to increase when increasing the number of untreated subjects matched to each treated subject in propensity score matching (Austin 2010), we choose one-to-one matching and identify a matching non-avid user in the control group for each avid user in the treatment group using nearest neighbor matching on the propensity score. The distribution of propensity scores in both the treated group and the untreated group is shown in Figure A1 . We observe a significant overlap of propensity scores between the treated group and the untreated group, validating the common support assumption (Ho et al. 2007) . Therefore, treatment observations with propensity scores higher than the maximum or less than the minimum score of the controls are dropped by enforcing common support condition.
Appendix B Summary Statistics and Correlation Tables
Bold: Correlations significant at p < 0.05 level.
Examining the Formation of Reciprocal Relationships
We compare an individual's reciprocal partners with her nonreciprocal partners in terms of their profiles and exchange activities to understand what makes two individuals develop a reciprocal relationship. The results are shown in Table C1 . For a given individual, a reciprocal partner is not different from a nonreciprocal partner in terms of basic profiles and overall exchange activities. However, reciprocal partners are more similar to the focal individual in book tastes than her nonreciprocal partners. Indeed, two users with similar tastes are more likely to be reciprocal because one party is more likely to have the book the other party wants and vice versa. We also econometrically examine what factors lead an existing nonreciprocal relationship to become reciprocal. For each nonreciprocal pair by November 1, 2010, we observe whether it has changed to be reciprocal or not on April 30, 2011. Therefore, we first employ a logistic regression to examine if similarity in book tastes helps explain the formation of a reciprocal relationship after controlling for the dyad's other properties, including similarity in the two individuals' site profiles, if the two individuals come from the same country, and the past transactions between the two individuals. The estimation result is shown in column (1) of Table C2 . All the coefficients of variables relating to similarity in the dyad's basic profiles and reputation measures are insignificant. However, the coefficients of tasteSimilarity and sharedGenre are significant and positive, suggesting that nonreciprocal dyads with higher similarity in book tastes are more likely to become reciprocal later on.
Because the observation of the transition from a nonreciprocal relationship to a reciprocal relationship is censored, we also use the Cox proportional hazard model to estimate the hazard of becoming reciprocal h(t). The result is shown in column (2)of Table C2 . The hazard ratios of tasteSimilarity and sharedGenre are significant and greater than 1.0. This indicates that sharing higher similarity in book tastes increases the odds of becoming reciprocal. Overall, the analyses suggest that higher taste similarity between a pair leads to higher possibility that the partners in the pair will become reciprocal. Based on the logit model, the odds of becoming reciprocal increases by 23.84% if the taste similarity between the two partners increases by 0.1 (e.g., from 0.5 to 0.6), and the odds of becoming reciprocal increases by 53.36% if the taste similarity between the two partners increases by 0.2 (e.g., from 0.5 to 0.7). According to the results of cox proportional model, when other covariates are at the mean level, an increase of taste similarity by 0.1 (e.g., from 0.5 to 0.6) leads to an increase of the likelihood of the pair becoming reciprocal by 47.40%, and an increase of taste similarity by 0.2 (e.g., from 0.5 to 0.7) leads to an increase of the likelihood of the pair becoming reciprocal by 77.42%. Table E1 summarizes the operationalization of each construct used in the survey. All the Cronbach's alpha values are above the recommended threshold of 0.70, suggesting good reliability for all construct scales (Fornell and Larker 1987) . One way to evaluate the convergent and discriminant validity of each construct is to examine the factor loadings of each indicator. Each indicator should have higher loadings on the construct of interest than on any other construct (Chin 1998) . Table E2 shows the factors loadings and cross-loadings for all the constructs. An inspection of this table suggests that the measurement model of all constructs provides adequate discriminant and convergent validity. Personally assisting people in trouble is very important to me.
Appendix D Coarsened Exact Matching

Survey Instruments
Long-Term Relationship Orientation (adapted from Ganesan 1994)
LRO1:
I believe that over the long run, a relationship with someone else on the website will be beneficial. 
